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Table 1. Accuracy of Crack Classification Model

model Accuracy
ResNet50 99.56689
VGG16_BN 99.45460
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Table 2. mloU of Crack Segmentation Model
Dty Unet Unet++ DeeplLabV3+
Encoder
ResxNet50 82.0493 82.0449 79.2999
DenseNet201 81.7563 82.2668 -
MoblieNetV2 81.4529 81.3535 77.8804
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IV. Conclusions
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