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Fig. 1. (a) Typelll Hydrogen Gas Storage (b) CFRP
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Fig. 3. Hydrogen Gas Storage Failure Analyze with AET
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2. Related Works
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Fig. 4. (a) Tensile Testing Environment (b) AE Sensor

Table 1. Specimens Image and Number of Wave Forms
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2, Data Labeling with Representation Learning
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Fig. 5. Feature Extraction by Autoencoder and Failure
Discrimination Algorithm
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Fig. 6. (a) Wave Form (b) Frequency Spectrum
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Fig. 7. (a) Caborn Fiber and Epoxy (b) Prepreg CFRP
(c) Laminated CFRP

Table 2. CFRP Failure Data
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3. 1D-CNN CFRP Failure Classification Model
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Fig. 8. CFRP Failure Classification Model Structure
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Table 3. Train and Validation/Test Dataset
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Fig. 9. Confusion Matrix for Test Dataset

IV. Conclusions
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