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Table 1. & HIO[H2 CNN &7/ =2d =& Z1}

Mel Spectrogram accuracy
noise x | 20db noise | 10db noise | 5db noise | 0db noise [ -5db noise| -10db noise | -20db noise

Train 1.0 1.0 1.0 0.9937 1.0 1.0 1.0 0.9995
Validtion [ 1.0 1.0 1.0 1.0 1.0 0.9994 1.0 0.9912
Test 1.0 1.0 0.9994 0.9994 0.9997 0.9994 0.9985 0.9891

STFT Log Spectrogram accurac
noise x | 20db noise | 10db noise | 5db noise | 0db noise [ -5db noise| -10db noise | -20db noise

Train 1.0 1.0 1.0 0.9878 1.0 0.9970 0.9999 0.9968
Validtion 10 0.9994 0.9977 10 0.9988 0.9988 0.9971 0.7324
Test 0.9991 0.9974 0.9985 0.9988 0.9976 0.9968 0.9959 0.7179
CWT accuracy
noise x | 20db noise | 10db noise | 5db noise | 0db noise [ -5db noise| -10db noise | -20db noise
Train | 09971 0.9922 0.9980 0.9924 09771 09319 0.8224 0.1805
Validtion | 0.9729 09724 0.9647 0.9294 0.8347 0.8265 0.6659 0.0706
Test 09726 0.9744 0.9685 0.9247 0.8371 0.8159 0.6544 0.0574

Table 2. —20db Noise =4 £F C|0[E 2| Wiener filter
Mg /% ONN £% 29 stz 21
Mel Spectrogram (-20db noise) STFT Log Spectrogram (-20db noise)
Wiener filter 58 H | Wiener filter 58 & Wiener filter %8 T | Wiener fiter & =
Train 0.9995 0.9939 Train 0.9968 0.9952
Validation 0.9912 0.6341 Validation 07324 0.8741
Test 0.9891 06171 Test 0.7179 0.8642
'WT (-20db noise)
Wiener filter 58 H | Wiener filter 58 &
Train 0.1805 0.1524
Validation 0.0706 0.08
Test 0.0574 0.0579
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