SR FEIEESS| SAstEUs| == M3 H15 (2023, 1)

Y3t =AEC] = oIS flet 2E| 2|olE2t NLP ks 7(gie
HIESZ 07 [Elix|
2, EE
Ozujtm 2xEdolg-g 3ty
et AzEsolg gty

e-mail: jonghyunkim@kangnam.ac.kr

Network Architecture Based on Multi-label and

NLP Learning for Genre Prediction of Movie Posters
Sumi Kim®, Jong-Hyun Kim"
9School of Software Application, Kangnam University,

"School of Software Application, Kangnam University

2

o}
o}

B =2ois e golES o183 CNN 7 285} NLP S5 ol8sto] = gsfe] Z=2 %
She WS ARIRITE E2EfE ofste] AhaRl W85 Fheoll ZokE 5= 9 she miAlol7] whzoll T

TA=e] Q). AT A17d9(Convolutional neural network)S 831, 3t= s} EAE]7}

7 SAES FE6t] 98t A2 ERE sttt shARE gsle] - el sk A= A
o] Jl= ¥ wl, e A=t e F ok aF] wfiEell A2 diFel o] EAlE BT = ik
olgfgt EAIE Wslebr| 8l £ =kl @w AEE 283t opel, Ado] Az(Natural
Language Processing)Z Zo| 43+ vhiS Aok},

7|1$E:

[, Introduction

FEe o] HEE JoiE A9 uf) Fag A9 Ve F
shto)7] whiell Fasfck SRR & gsle] == ofy 4 3l
I 7R Ve jiske e T A7) ofdck 1M g2
T 23S AFssRlEe AlEe] oMtk E2ER= odsle] ik
ol W8-S kol Yol = Al ke wiiAlo]7] whiZel] Tk
[AEZ A Sltk AlEe] AA|, olm|x]e] Mzt wet st
=7t t2A) ohdd & ek 513k 50 delar) s dsle]
W8-S 352l 272 vER = glrk ole} TR o= E
A7 (Convolutional Neural Network)2 -85, 3= 33} EH
7t 7HRE BAES FE3te] 98 A= dEE EEISk[1] &
== F A7 (Convolutional neural network)S- ©]-85F
HE] glolE st o e} odsle] ElRel OCR galekes 53t
g3t E2Ee] SHE olget x}de] *E|(Natural Language
Il sk o8l A= dSE Z1Ekch

Processing) 52

St A7 (Convolutional Neural Network, CNN), &}1o] A 2] (Natural language processing),
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Il The Proposed Scheme

1. Poster genre prediction network via CNN
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Fig. 1. Network structure,
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Fig. 2. Test results for poster genre prediction,
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2. Review genre prediction network via NLP
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Fig. 3. Network structure,
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Fig. 4. Test results for review genre prediction,
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3. Poster writing genre prediction network through NLP
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Fig. 5. Network sturcture,
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Fig. 6. Test results for poster writing genre prediction,
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Il Result
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Table 1. Test accuracy by genre.
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Table 2. Test results of a model combining CNN and

NLP networks.
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IV. Conclusions
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