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Fig. 2. 3D data representation in network model,
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lll, The Proposed Scheme

1. Mesh structure
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Fig. 4. Mesh structure
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Fig. 5. Vertex and face information

2. Feature extraction
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5, Mesh pooling
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3. Mesh resizing
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Fig. 7. different maximum length

IV, Results
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4. Mesh convolution
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Table 1. lamp and rabbit models.
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Table 2. Comparison results
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method ptop -
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V. Conclusions
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