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Fig. 1. System Configuration
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4 0.7 0.52 0.62 B
5 0.65 0.48 0.55 54
] 0.00 0.00 0.00 10
7 1.00 0.22 0.3 9
a 0.68 0.7 0.70 294
9 0.69 0.80 0.74 36
10 0.69 0.57 0.63 1%
1 0.62 0.26 0.37 38
12 0.62 0.77 0.69 218
13 0.70 0.83 0.76 261
14 0.69 0.62 0.65 137
15 0.67 0.30 0.42 46

accuracy 0.69 175

Fig. 2. SDG result
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Fig. 3. SVM result
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Fig. 4. NB result
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Fig. 5. KNN result

IV. Conclusions
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