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Automation of MLE.P Design Using Large Language Models
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Abstract : Urbanization and the increase in building scale have amplified the complexity of M.E.P design. Traditional design methods face
limitations when considering intricate pathways and variables, leading to an emergent need for research in automated design. Initial algorithmic
approaches encountered challenges in addressing complex architectural structures and the diversity of M.E.P types. However, with the launch of
OpenAl's ChatGPT-3.5 beta version in 2022, new opportunities in the automated design sector were unlocked. ChatGPT, based on the Large
Language Model (LLM), has the capability to deeply comprehend the logical structures and meanings within training data. This study analyzed the
potential application and latent value of LLMs in M.E.P design. Ultimately, the implementation of LLM in M.E.P design will make genuine
automated design feasible, which is anticipated to drive advancements across designs in the construction sector.
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