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Concrete crack detection method using artificial intelligence
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Abstract : Typically, the methods of crack detection on concrete structures include some problems, such as a low accuracy and expensive. To solve
these problems, we proposed a neural network-based crack search method . The proposed algorithm goes through three convolutions and is classified
into crack and non-crack through the softmax layer. As a result of the performance evaluation, cracks can be detected with an accuracy of 99.4 and
99.34 % at the training model and the validation model, respectively.
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