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RGBD Panoramic Image Generation Using Frechet Distance Loss Function
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#1349 mtx2hop g4 PSNR, SSIM ¥+
Method Dataset PSNR SSIM
Matterport3D 17.6667 0.6705
/ RGB Stanford3D 18.2139 0.6748
w/o
SunCG 21.7096 0.8072
Frechet
X Matterport3D 26.1095 0.9294
distance
Depth Stanford3D 25.4359 0.9185
SunCG 28.4385 0.9418
Matterport3D 18.1325 0.6850
w/ RGB Stanford3D 18.4782 0.6859
SunCG 21.0893 0.8051
Frechet
. Matterport3D 26.1831 0.9301
distance
Depth Stanford3D 25.6019 0.9187
SunCG 28.3960 0.9435
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