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ABSTRACT

This paper propose a clustering algorithm for mobile nodes that possible more efficient clustering using context-aware attribute
information in adaptive learning. In typically, the data will be provided to classify interrelationships within cluster properties. If
a new properties are treated as contaminated information in comparative clustering, it can be treated as contaminated properties
in comparison clustering. In this paper, To solve this problems in this paper, we have new present a context-awareness learning
based model that can analyzes the clustering attributed parameters from the node properties using accumulated information
properties.
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Fig. 1 The Selection of Clustering Center node by
the estimation of context vector in mobile clustering
nodes according to adaptive repeated learning
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‘ Service ‘

Clustering Data matrix & Analysis

—

Classify Data matrix & parameter using
K-means based on Context-awareness

]

‘ Calculate ‘

GIP Index for Clustering Ci

!

Providing with weighting factor
Gini Index Property(GIP)

!

Unsupervised Learning with Context-
awareness Clustering

‘ Providing System maintenance ‘

Fig. 2 Flow chart of proposed mobile node
context-awareness unsupervised learning system
in K-means clustering
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