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Evaluation of Suitability of Fire Images augmented using GAN Algorithm
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ABSTRACT

A large amount of related images are required to detect images with variable shapes. Therefore, in this paper, fire i
mages among images with variable shapes are multiplied through GAN algorithms, and detection rates when Al learnin
g is performed using this image are compared to analyze whether the multiplied images are suitable for learning data.
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2.2 YOLO: You Only Look Once
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