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ABSTRACT

The role of the power grid is to ensure stable power supply. It is necessary to take various measures to prepare for
unstable situations without notice. After identifying the relationship between features through exploratory data analysis
using weather data, a machine learning based energy production prediction model is modeled. In this study, the
prediction reliability was increased by extracting the features that affect energy production prediction using principal
component analysis and then applying it to the machine learning model. By using the proposed model to predict the
production energy for a specific period and compare it with the actual production value at that time, the performance
of the energy production prediction applying the principal component analysis was confirmed.
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PCA(F/dEEA, Principal Component Analysis)
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