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ABSTRACT

Deep learning-based computer vision applications in the field of object segmentation take a transfer learning method
using hyperparameters and models pretrained and distributed by STOA techniques to improve performance. Custom
datasets used in this process require a lot of resources, such as time and labeling, in labeling tasks to generate Ground
Truth information. In this paper, we present an automatic labeling construction method using object segmentation
techniques so that resources such as time and labeling can be used less to build custom datasets used in deep learning
neural networks.
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