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ABSTRACT

In this paper, we present a multi-class image scene classification method based on map learning. We were able to
learn from the convolutional neural network model in the dataset, classify facial scene images of multiclass people, and
classify the optimized CNN model into the Google image dataset in the experiment with significant results.
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II. CNN Model

ALo]] AF2= CNN(Convolution Leural Network)
e Convolutlon Layer?} Max Pooling 2f|o]o] &
U202 stackS A+ 574 F%(Feature Extraction)

HE9 Fully Connected Layers —+/d5hil ORX|9f
24300 SoftmaxS A&t F{ FEo2 gy
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e HAMS 75357 9sA, 2+ IS RGB 3
71} A4z mASh 3XH HlojEoln, A o]y

e 3719 Adz ddH

RED Channel Green Channel Blue Channel
X\ B | " 1 a8 /

O[0|X| ZAH: https://en.wikipedia.org/wiki/Channel_(digital_image)
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Convolution Layer= /g dojo] 2= 5t
ol+ U9 oJojxS 54 Filter(Keme)S ]850
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Pooling lolo}= HEEH olofe] 52 oo
EE ¢z og dropa] £ d|o]E(Activation Map)
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f(:L‘)Z =% for i = 1,...,.K (1)
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e
k=1
Hodel: "sequential”
Laver (type) Output Shape Paran #
convzd {Conv2D) (None, B4, B4, 32) B96
max_pool ing?d (MaxPooling?D (Mone, 32, 32, 32) 0
dropout {Dropolt ) (None, 32, 32, 32) 0
conv2d_1 (ConveDd) (None, 32, 32, G4) 18495
max_pool ing2d_1 (MaxPooling (Mone, 16, 16, B4) 0
20)
dropout 1 (Dropout) (None, 16, 16, G4) 0
flatten (Flatten) (None, 16384) 0
dense (Dense) (Mone, 256) 4194560
dropout _2 (Dropout) (Mone, 256) 0
dense_1 (Dense) (None, 3) Il

Total params: 4,214,723
Trainable parans: 4,214,723
Non-trainable parans: O
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ol AAS Agstel Akl B olulx] BE
dloje] AEo] ofsl @S 2 o0], WA CNN
otlo] gt £AW HAES APt AADM

training sample2 batch size”} 32, training step size
7} batchd 32, epoch?} 509] 7HE A& £ Ao
O, early stopping 355 Eof HAE £4lo] ¢
o’y @olx|x| glow go| FRHC EHAEO
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