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Fig. 2 Information of the navigation chart
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Q-learning
— :Route =p : Action

t Action(n)

t Action(4)
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Action(1) = Action(2) Action(3)

Reward )
Algorithm
purpose
Shortest If (Route distance of Episode (t) > Route distance of Episode (t+1))
distance ->reward
Minimal
|mm.a If (Action(t) == Action(t+1)) -> reward
way point

Fig. 3 Q-learning reward algorithm
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Table 1 Simulation conditions

Parameters

€ 0.2 learning rate | 0.02

discount factor 0.9

Reward
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Fig. 4 Optimal route generated by Q-learning algorithm
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