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Accuracy 0.7078 0.4834
Balanced Accuracy -1.5812 0.1221
Cohen-Kappa Score -1.4238 0.1627

Precision Score -0.9692 0.3386
Recall Score 0.7078 0.4834

F1 Score -1.7103 0.0953

F-Beta Score (0.5) -1.7586 0.0867
F-Beta Score (1) -1.7104 0.0953
F-Beta Score (2) -0.6201 0.5389

Hamming Loss -0.708 0.4834
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crude_oil 03778 1
brent_oil 03290 2
wool 03032 3
lumber 0.1916 4
copper 0.1882 5
corn 01773 6
tf_gas 01770 7
rice 01641 8
heating_oil 01596 9
tin 01595 10
silver 01585 n
palladium 01584 12
palm_oil 01558 13
platinum 0.1540 14
canola 01506 15
feeder_cattle 0.1470 16
magnesium 01455 17
gold 01442 18
uk_gas 01405 19
baltic_dry_index  0.1394 20
oat 01386 21
Ime_index 0.1347 22
rubber 01319 23
‘soybeans 0.1279 24
sugar 01252 25
beef 01239 2
cotton 01229 27
coffee 01219 28
alumnium 0.1208 29
wheat 01201 30
zinc 01195 31
propane 01189 32
live_cattle 0.1138 33
lean_hogs 01137 3
lead 01116 35
cocoa 01111 36
crb_index 0.0870 37
snp_gsci_index _0.0820 38

<X 4>SHAP =9

True Negative 193 184
False Positive 40 48
False Negative 100 93

True Positive 32 39
Accuracy 06165 06132

Balanced Accuracy 05308 05388
Cohen-Kappa Score  0.0674 00830
Precision Score 05805 05860

Recall Score 06165 06132
F1Score 05807 05896

F-Beta Score (0.5) 0.5745 05843
F-Beta Score (1) 05807 05896
F-Beta Score (2) 05088 06018

Hamming Loss 03835 03868
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