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1. Introduction 2. Problem Statement
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2.2 Data Preprocessing
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3. Our Method
3.1 Regression

AMEAAME AT Re]l dF 7HA ol gk
AEHA s dFste TAES A, AAE &4
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379 REs ARESSlaL o] & H|WEIT. Gradient
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&= MSE RMSE R2
XGB 167,212,972,899,818 12,931,085 0.3
LGBM | 170,001,344,508,730 13,038,456 0.2
Ridge 218,298,021,558,504 14,774,911 0.14
Lasso 218,298,022,158,726 14,774,911 0.14
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Skewness 165.58 1.68 307.67 0.44
Kurtosis | 37,638.37 3.27 238,001.91 0.77
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3.2 Multi-Class Classification
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Labeling 1 10 0.22 0.21

Labeling 2 31 0.57 0.30

Labeling 3 45 0.58 0.11

Labeling 4 12 0.35 0.33
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3.3 Natural Language Processing
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Model: "sequential”

Laver (type) Output Shape Param #
embedding (Embedding) (None, 13, 100 1169430
flatten (Flatten) {(None, 1300 0
dense (Dense) (None, 64) g384
dense_1 (Dense) {(None, 36) 2340
Total params: 1,180,154

Trainable params: 1,180,154

Mon—trainable params: 0

(¥ 3) Sequential Model £.¢F
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3.4 Ensemble
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Model Accuracy
XGB Classifier (ML) 0.58
Sequential Model (DL) 0.80
05ML+05DL 0.81

4, Conclusion
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