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+ Face Coordinates - Camera Pixel
- Left high :(ax, bx) - Transverse : 8
- Right low : (cx, dx) - Height: 8
A = {Transverse — bx, Transverse — bx + 1, ... Height — dx}
B={ax, ax+1,..,cx
acAbeB
Pixel 39 = F(a, b) = a + Transverse *(Height -b)

(1)
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