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__global__ void matrixTransposeNaive (float* a, float* b)

int 1 = blockIdx.x * blockDim.x + threadIdx.x;
int j = blockIdx.y * blockDim.y + threadIdx.y;
int index in = j * sizeX + i;
int index out = i * sizeY + j
b[index_out] = a[index_in];
__global  void matrixTransposeSM(float* a, float* b) {
_ shared
int bx = blockIdx.x * BLOCK_SIZE X;

float mat[BLOCK SIZE Y] [BLOCK SIZE X];

int by = blockIdx.y * BLOCK_SIZE_Y;
int i = bx + threadIdx.x; int j = by + threadIdx.y;

int ti = by + threadIdx.x; int tj = bx + threadIdx.y;

if(i < sizeX && j < sizeY)

mat [threadIdx.y] [threadIdx.x] = a[j * sizeX + 1i];
__syncthreads();
if(ti < sizeY && tj < sizeX)

b[t] * sizeY + ti] = mat[threadIdx.x] [threadIdx.y];
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