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Photovoltaic Prediction System based on Recurrent Neural Network
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Rate Size
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RNN 2 300 le-3 32 200
LSTM 1 200 le-3 20 200
LSTM 2 300 le-3 20 100
LSTM 3 500 le-3 64 50
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o O
Model MSE RMSE R2
RNN 1 0.0465 0.2156 0.2140
RNN 2 0.0382 0.1954 0.3540
LSTM 1 0.0204 0.1428 0.6158
LSTM 2 0.0251 0.1587 0.5257
LSTM 3 0.0335 0.1830 0.4275
LSTM 4 0.0183 0.1353 0.6550
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