Aok, 9671
&g ol o) gk nl [T 8t}
ayooung7@sookmyung.ac.kr, yujin91 @sookmyung.ac.kr

An exercise recommendation system using
bayesian network and singular value
decomposition algorithm

A-Young Shin, Yujin Lim
Dept. of IT engineering, Sookmyung Women's University

Q ok

B =FoME ZRY-197 <& & Edold AFo] _l‘é%*é}i ANE A SoA 2&40 255

g3 B Hgw, AAEd, HEE 5% POR AW $FL FAAFE A2Ue AR

oh AA K-#H3F ol ¢ug5S 83 vty AL ueg AMEAE B/, &5 HolHE

2R ZREFd met FaEHY vk thgo R HRke AEel F e wet Haz FH A

E El A Az GES AAbEa, HolA et MEYAE B3 AMS GES et ol & HiR S

2 Solg &3 ¢uuF(SVD)E ZEote] ARA BEE o5& FHIT A AlzHle A

Aza7] 99 N APe Adste] 37 wA Woh A% RMSE 7 SWolA g B4
1. B 2. 2 3

H FZ2EU-199] GFgow AT e dAS 21 k-zZ2d o un2lEd (K-Nearest
7R = AFgEe] Eolwtt. AT, Z24U-199] Neighbor)
7182 A AFAA o] &o] ofH AR FE FHoA k-HH ol% duulEe Mg 7t
= Edolyd Aol w=A AFAsta k. ofel A ghol A2 A&l gk o =
HEL AAY AAzA 58 1HT 284U &% o AHEEHE Amsty 7Y F
FHe FoE s ok waA e dEEe) Abg2bell sl A A& HlolH Y 7+ 74
2AES 1 AN FH Al="e Fado] o = kel o] & Auste 23 4
FHa PHor BEF TE o3 ¢S A
B =S & Edods e AHEAEY AT ol k-HH ol dueE

Are} Mo E aegh Ml EEs 55 Al Zke] v|gke] g AAgstal i
gS ARkttt HIRE dlolE AlS &3t A&t 2.2 HO[X| ot U E 3 (Bayesian network)
of vk AKX AAAR F& EUE AMEAE 2 o] ek HIEL A7 Abdol] dojd d& vge
stal, % dlolE Al EI Ee aR LAEIE 2 AFe 5SS FEE WUH2]e®, B =7
7|1Eo® dolHE FH~HAY sl dY 179 M AREAZE AdEgl 5o olg S A St U
Mo & vgoz wWolxet YESAE &8 7t of Fols A=A o3k d A&t
TA AEr ARl Holgt #d ¢agH(SVD)S 23 Sol# B8l 2xa|E&F (SVD, Singular Value
ARESEY = Al2ES FEE Y Al Decomposition)
FHo] AR A=A gelstr] 98 F Al ozt wdll daElse she
& &9 RMSE #g 7|¥tez g =3 Wiy o] P Foz HastE Wy
v AEs B8 dss A5 o &Fo] I mxn A7 P

- 470 -



et M= UZ V" 9 ol Al kA FHe] F
2 vl gk o, U, ., AR 3E
et a, 3., Solas d7
2+ g8 v e % FES Jehdgs] oY

Fgoz JHA =

3 SVDE waglel AL Axele] JLz EHa
ANZloz B AT AA L2 A7
AN FAE T F AL B =M E Solgk
w3 dnFS Aol ARl ART ¢%
& ANGer FAsFEE AHEEA

3. Hlo[X[er UESRI TR Fol#4 &3 L412FS
0|83t 2& FH AlAH
T Al2EE 91E oy Al Bk oy Al
© 2 ‘Obesity based on eating habits & physical
cond’[5]1E Ag39x &% dolyH AHozm:
‘Calories burned during exercise and activities'[6]
= AH&SkSith

Obesity dataset ZH@Hlo} 3 F, WHAZ A&
o Ay, AAxA, vk A 59 HolHE Ay
st} BRk =& vERgE= ZH<d NObeyesdad+
AT, B4 A5, dAF g, ¥wk 1-3 B4

o= T e A A

o\ﬂ

— s

o
ot

39 A A uet
Weight, family_history, Age, CAEC(2]A}

g At 2 B

N
N
r

[e)

= N -

}\]—O] %Z\_]' }1\;1]‘1;'), FAVC(EOE:]%]: }\]I }v]_r‘l H] ) i
Al Jfe] AP o dolg AL AT

Ag et dielg Aol vvtel AwE 2 AA S =
2 el By 98 k-HAIH ol IS
m ok 91.53%¢] A=

hu
g
i)
P>
o,
o
ol
32
n
Ho
ofr
lo,
b
ko
s
f
i)

Exercise
[ User dataset ] [ dataset ]

l l

Linear
Regression

Clustering

K-NN
algorithm

3

Bayesian network
= posterior probability

!

Exercise Recommendation

| o [e]
FAIZ17] f18) o1& AAF, AN, AT, v 47}
219 e JHAEE AEFIAY. =3 AA TS
1, A4S 2 AA=S 3, vvrs 48 7474 =2 ¥
2o g Wk A8kl
a2 HiRke] AEE Yehle ZEy g2 4
dE 7He] AAAAE Fdstr] s Ay 37 A
§S [Pt A AyeE <F 1> 2

<E 1> AP A A9 2y

feature coefficient
Gender 0.044156
Age 0413213
Height 0.132500
Weight 0.880412
family_history_with_overweight 0.504324
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CH20 0.148771
SCC -0.184015
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