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Fig. 2. Accuracy Graph by th Preprocessing data
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Table 1. Accuracy of Learmng Count

Learning || DataSet DataSet .

Comt | (Pre)©e) | sy | RerneCo

5 100 0.8 0.2%
10 782 9.3 -21.1%
15 7.7 100 —-24.3%
20 70.1 87 -16.9%
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Fig. 3. Learning Time of Learning Count
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Table 2 rning Time of Learning Count
Learning | DataSet DataSet .
Count (Pre.)(s) (PS.)(s) Ratin?¢)
10 236.77000 146.88334 -37.96159
15 345.25704 186.96308 -40.05536
20 45447256 23592075 -41.43306
25 596.65089 340.93117 -42.85080
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