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2.2. Mixup Algorithm
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3. MLP Mixup
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hot label encoding®
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x © data_z, y @ data_y(one-hot vectors),

onehot_g, z @ matrix(only have index)
for col in gx.columns :
if dtype(z[coll) == str or dtype(z[col]) == “category”
temp_x = one_hot(xz[coll)
else :
z[col]

onehot_z = merge(onehot_z,

temp_xr =
temp_z)
train_x = onehot g, train y = y
for i in range(n) :

for j in range(i, n) :

A = random_beta_distribution(q)
z = mixup(onehot_z[i], onehot_gz[j], A)
y = mixup(ylil, y[51 A)

train_z = concat(train_z, z)

train_y = concat(train_y, y)
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<3t 1> Hyperparameter

o

Model Hyperparameter

Hidden Layer(10) Input, 30, 20, 30, 40, 40,
20, 30, 20, 20, 10, output

Activate Function RelLU

Learning Rate 0.001

Dropout 0.3

Loss Function Cross Entropy Loss

Optimizer Adam
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<X 2> A% A (Average Accuracy)

Data Accuracy(%)
Data 3000 68.33
Data 3000 + 30000 («=0.1) 71.18
Data 3000 + 30000 («=0.2) 73.64
Data 3000 + 30000 (a=04) 76.75
Data 3000 + 30000 (a=4) 73.79
Data 3000 + 30000 (a=8) 7715
Data 3000 + 30000 (a=32) 69.72
Data 33000 77.69
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