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2.1 RasaNLU(Natural Language Understanding)
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Output layer

cat(one-hot vector)

Wyxyxv=2z g

y = softmax(z)

on(one-hot vector)

sat(one-hot vector)
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a9 1. CBOWe] U¥ AW
Figl. artificial neural network of CBOW
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Output layer

fat(one-hot vector)

’D cat(one-hot vector)
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Input layer

hot vector) D

% 2. Skip-Gram®] ¥ AAY Fx

Fig2. artificial neural network of Skip-Gram
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19 5.RASA story.md
Figb.RASA story.md

19 4. RASA nlu.md
Figd. RASA nlu.md
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1% 6. RASA intent, entity & A4
Figb. RASA intent, entity extraction process
nlu.md(ZZg4)ellA  FEskaL A2 ©ojd
d5E FASkL sPsh= <IHES e
ek, (e.g.[ €4 ] (location)) 22
FEE BRek] st

intent(9J%)E 71x &
intent® A3rE. (
facility

e.g. ##fintent request
o] o} e Al o 5
nlu(natural language Understandng) dataset<=-
T3,

story.md(1¥5)= AR 48 5 3L
Aol AU eEe A4F Hdelrh, Qe
=9 intento] W} story7} Y},

kA AR EE b,

info)

2ol 1= zke] intent, entity® F=3hc}.
Alydl e A HQ3 entitys slot fillings
dta, A9 ke intento] Wt story7Z}
H3E)w  action.pyollA slot fillingS 3t
entitys &€& =¥ %S AFEAIA

- 1351 -



ACK 2021 shagtELl3| =2F| (283 235)

a9 7. AY - 2= 3
Fig7. Chatting-Graph screen
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Fig8. main screen—today s news
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