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I/zygote: Do full code cache collection, code=245KB, data=151KB
I/zygote: After code cache collection, code=219KB, data=137KB
I/System.out: f4xe gysa

=> [B/3AF/NNG+2/2/3X]
=> [4/9/E/NNG+6/5t/XSV+7/012/EFN]

I/System.out:
I/System.out:
I/System.out:
I/System.out:
I/System.out:
I/System.out:
I/System.out:
I/System.out:
I/System.out:
I/System.out: resultArray size: §
D/0OpenGLRenderer: HWUI GL Pipeline
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=> [9/REF/NNG+12/ 22 /IKN]
=> [15/2T/NNG]

=> [18/T7T e /mMAs]

=> [22/81/XSV+23/ M2 /EFN]
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