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1. [Class] = Normalize(D)
2. For MinPts = minCount(Class) to 3 step -1
3. For ¢ = 0 to 1 step 0.01
4 [Cluster] = DBSCAN(D, &, MinPts)
5 If Class® A T A Clustere] N7}

2t} then

[C] = Cluster // C : tlo]& Z7ol] A}&3F

6 o9 W9
7. break
8 End for
9. If C7} &A%} then
10. break
11. End for
12.  borders = findBorder(C)
13. For j = 1 to count(borders)
14. b = borders;
15. closestItems = findClosestItems(b)
16. minCountClassLabel = findMinCountClassLabel(closestItern)
17. O, = Augment(average(closestIterns), minCountClassLabel)
18. O0=U O
19. End for
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