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KoBertSum Model Value
Pre-trained model monolog kobert
Parameter 7|4~ 103M
Drop out 0.1
Batch size 3000
Word Embedding 8002
Position Embedding 512
Token type embedding 2
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KoBART Model Value
Pre-trained model KoBART base
Parameter 7j4= 124M
Drop out 0.1
Batch size 4
Position Embedding 1026
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Models Rouge-1 Rouge-2 Rouge-L
TextRank 0.542 0.39 0.276
KoBertSum - Legal 0.484 0.33 0.334
KoBertSum - News Large 0472 0.36 0.366
KoBART - Base 0.534 0.42 0.446
KoBART - Legal 0.544 0.44 0.464
KoBART - News Large 0.57 0.47 0.508
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