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The Collected data-based Air Pollutant Emission Prediction
for construction equipment in Construction Sites
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Abstract

As non-road mobile pollutants such as construction equipment are emerging as the main cause of air pollutants emission,
construction equipment regulations are gradually strengthening. Research was conducted by correcting the emission
coefficient to calculate and predict air pollutant emissions of construction equipment, but it did not reflect site variables
such as field and equipment conditions that affect actual emissions. This study derived an Artificial Neural Network emission
prediction model based on the actual emission data of excavators and trucks measured at the site and proposed a platform
to predict the emission of air pollutants at the site according to the working size and conditions. Through this, it is possible
to establish an eco-friendly process plan using a model from the construction plan.
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