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ABSTRACT

In a manufacturing fields, an abnormality or breakdown of equipment is a factor that causes product defects.
Recently, with the spread of smart factory services, a lot of research to predict and prevent machine's failures is
actively ongoing. However, there is a big difficulty in developing a classification model because the number of
abnormal or failure data of the machine is severely smaller than normal data. In this paper, we present an
algorithm for detecting abnormalities in an MCT at manufacturing work site depending on the differences
between inputs and outputs of Autoencoder model and analyze its performance. The algorithm detects
abnormalities using only features of normal data from manufacturing data of the MCT in which abnormal data
does not exist.
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SMA accuracy recall precision fl-score
15s 0.9895 0.6796 0.8799 0.7669
30s 0.9913 0.7702 0.8723 0.8180
60s 0.9955 0.9388 0.8912 0.9143
90s 0.9932 0.9642 0.8067 0.8784
120s 0.9185 0.9674 0.2332 0.3758
B 4. AN H#HEH XYHo E Ms HRREZT
37|: 60%)
z dim accuracy recall precision fl-score
5 0.9954 0.9335 0.8905 09115
10 0.9952 0.9369 0.8822 0.9087
15 0.9955 0.9388 0.8912 0.9143
30 0.9956 0.9417 0.8919 0.9161
60 0.9948 0.9441 0.8627 0.9015
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717tA 0.9868 0.9834 0.9068 0.9436
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