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ABSTRACT

In recent years, while the demand for electricity is rapidly increasing, fire accidents due to negligence in
management of switchboards. In particular, switchboards for industrial and electrical resource control can cause serious
problems. Thus, for the safety management of power switchboard, a secondary response is conducted to control firing
when a specific condition value is satisfied, but in this case, it is highly likely that a considerable amount of time has
elapsed after firing.

In this paper, we propose a method to acquire big data for the development of a switchboard temperature and
power control system that can actively respond to the current situation by monitoring and learning the temperature of
the switchboard's busbar connection in real time. Specifically, a method for periodically acquiring and managing data
such as temperature and power from various scattered sensors is proposed.
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