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2.1 Stochastic Weight Averaging ¢ 12]%

7189 &&8A& At s}4¥ (Stochastic Weight De-
scent) 7|9t9] srg WAZL A4 FIuit MRS
YHo|E gttt SWA dua]&2 old H3) 94 F7]ujch
A9 7MFREY 715 (weighted sum)Z A4tgic). A
()2 249 7}5R|E2 dHolEsl= duaFol|t. o
0 Wowa & W, Npoges= 242 SWA & AR 715759
7} %, optimizer & &3 YHO|EH 7}FX], SWA 29
25 9Jujgtt [6].
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Baseline | 38.198 | 33.891 | 32.327 | 32.849
SWA_1 | 38.180 | 33.922 | 32.320 | 32.875
SWA_2 | 38.200 | 33.943 | 32.334 | 32.940
SWA3 | 38.188 | 33.948 | 32.339 | 32.977
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