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Anchor (VTM-8.2) CompNet (trained)
QP (Q. level) BPP mAP BPP mAP
47(1) 0.062 13.409 0.079 25.980
42(2) 0.147 24.133 0.147 35.095
37(3) 0.308 32.355 0.292 39.036
32(4) 0.580 37.933 0.444 40.645
27(5) 1.006 40.536 0.612 41.926
22(6) 1.598 41.558 0.816 42.246
BD-rate - -61.16%
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Anchor (VTM-8.2) CompNet (trained)
QP (Q. level) BPP mAP BPP mAP
47(1) 0.062 12.181 0.079 22.519
42(2) 0.147 21.379 0.147 29.999
37(3) 0.308 28.335 0.292 33.399
32(4) 0.580 32.765 0.444 34.966
27(5) 1.006 35.057 0.612 35.940
22(6) 1.598 35.907 0.816 36.311
BD-rate - -58.43%
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