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Auja @ ooE o AR WAL EE YES
g BES AMgeth. ¥lE UESAE attention 71
2 B3 gad 89 2 29 gsHE day &
& EA"SEE vk LSTNE l=T e tare] =
o] 7HA = B35 EA S attention 7S E3 ALt
o 7} iy zgnit g BAAel B H4u
Y ANE S ojde) Auaz sy, o B
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scaled dot-product attention, multi-head attention,
biaffine attention 7' Zt7} #-&3tt}. attention
719 FEAR0 A A8+ (DY 2.

S=f(Q K)
0= Softmaz(S) « V

= LSIN dagde] &¥%, K¢ veE LS l3H 9
ZH kol sl F3tl. attention S Ea A AlH Y
3y E83td BE AlHe 3y EHEk Alele] o
#AS AASH | attention®] A 3kl ¢ O+ 7+
attention H9} ©@of g& F¥XE WIS attention
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Fo=A SA-4Y JEEs AuHjAER Ags 3
Softmaxz(8) « Ve <zt A3l 05 o] &3 7+ ofdt
Auj A 7He] o #AAZ FHE3t}. scaled dot-product
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e Vi
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scaled dot-product attentionolA2] f(Q, K)& A
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multi-head attention< scaled dot—product
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O3y 24 A9 4+ 1,024
Bl %] =7](batch size) 64
gt 5 (learning rate) 0.0005
multi-head attentiond] 3= < 8
=5} o} (drop out) 0.1
B =52 Ay 9 HrEE 918 KLUE dlole Al[10]S
AFEECE,. KLUE ©lo]8 AS Wikitree9t Airbnboll A 3=
=% THEZ FAFNeH, Wikitreed THES ARA
AFE AH T 2771 42 v, Airbnbe] FHES
A HFE AXA ol Adldoz FojAe] 7zt
Wikitreex= 7,250 4, Airbnb+= 7,250 4, =
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H(train) g, 2,000 FAo] 7ft(development) F
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¥ 2. attention 7|9 T/ W& Ae
attention 7|He &/ UAS LAS
Scaled dot-product 94 .87 92.09
Multi-head 94 .83 92.85
Biaffine 95.14 92.68

¥ 2% attention 7|WHe] Fiol wE Rdo] MHe =
A A]3o]t}. biaffine attention®] scaled dot-product
attention®} #H]3dFe] UASZF 9F 0.27%, multi-head
attention¥} W&ol oF 0.31% ¥ AeS W, w
A ¥QlE UEY T Edo biaffine attentione &
&3l Aol ofde AuAE AAst=u 7 a3l
Aoz HATh, o] H I} Aujih Alo]9] oFE HAAE Q4
3t= FAo A= multi-head attentiono] 7Fg =2 Al
55 Ho|lH, scaled dot-product attention¥}+= LAS7}
°F (0.76%, biaffine attention®@}= <F 0.17%9] =}ol &
HATh wmebA ofE A A4S el thgs A7
ol ARE F£H3E WA multi-head attention©]
7 aupARl Aow JdE),

E 3. FE B mdd ge 4
T w4 2d UAS LAS
KLUE-BERT-base 89.96 88.05

KLUE-RoBERTa-smal 1 90.04 88.14
KLUE-RoBERTa-base 93.04 88.32
KLUE-RoBERTa-1large 93.48 88.36
Our Model 95.14 92.68
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sequence tagging A% X3l biaffine attention®

23l sequence labeling® 2 9o]F& F&E BAS 83
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biaffine attentions nx} 2 &3t AS5S v A
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