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Fig. 1. Comparison of the proposed YOLOv4 and
other state-of-the-art object detectors [3]
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2. Precautions
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Fig. 2. Video analytics and results aggregation and
visualization process
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Fig. 3. Yolo Mark labeling results
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Fig. 5. Creating landmarks using dlib
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Fig. 4. Using and Visualizing object detection results
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Fig. 7. Distance between landmarks
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Fig. 8. Eye shape analysis result
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IV. Conclusions
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