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Accuracy : 0.9400(%)

l Yes

rv/lv ratio

/a4

RV/LV Ratio >=1
Loss : 0.3670
Aceur: 8800(%)

RV/LV Ratio < 1
Loss : 0.5483
Accuracy : 0.7700(%)

Chronic PE
Loss : 0.0696
Accuracy : 0.9900(%)

Acute and Chronic PE
Loss : 0.2109
Accuracy : 0.9500(%)
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