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Algorithm 1: gemr_nn in OpenBLAS.
Input :Matrix A, B, C; Scalar ot §: Block size P.Q.R; UNROLL
Output: C:= ad - B+ BC
t for j =0.0.Rdo Loop 1
2 for { =0k, Q do Loop 2
3 py{A|0 1. bufl_A.P.Q)
4 for jj = j.j+ R, IUNROLL do !
s oncopy (B buf _B+ (ij — ) < Q,Q.3UNROLL)
. kernelibuf_Abuf B4 (5i—j) < Q.Cl1j.P.Q.3UNROLL)
? end
03 Tl
X fori = Pom Pdo
. itcopylAlid], buf _A, P, Q}
10 kernel(buf _A buf_B,ClIj|.P.Q,R]
1" end
1 end
13 end
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