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Fig. 1, Steps of Supervised Machine
Learning
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Fig. 2. Data composition for image recognintion
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Table 1. PSNR of reconstructed input image(sample)

PSNR
image class 1 class 2
1 26.28380 24.45945
2 26.33455 24 42457
3 25.91852 23.84423
4 27.30772 24.81753
5 25.72841 23.99693
6 27.33579 24.43729
7 26.94654 23.78630
8 27.20958 23.39605
9 26.64796 24.10605
10 26.10748 23.95648

Table 2. Confidence interval of 2 classes

Significance level (0.05)
class
p_value lower upper
image1 0.0000 26.1575 27.0066
image?2 0.0000 23.8257 24.4192
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