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Table 1. Data augmentation parameters

No. Parameter Augmentation

1 Rotation_range(C) 30

2 Width_shift_range(%) 20

3 Height_shift_range(%) 20

4 Shear_range(%) 20

5 Zoom_range(%) 20

6 Horizontal_flip TRUE

7 Fill_mode Nearest
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Fig. 1. Loss rate and accuracy curve of CNN model
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Fig. 2. Loss rate and accuracy curve of ResNet50 model
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. Confusion matrix, (a). CNN model confusion,
(b). ResNet50 model confusion matrix,

IV. Conclusions
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