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ABSTRACT

In this paper, we proposed a multiclass image scene classification method based on transform learning. The method
using the Residual Network (ResNet) model which pre-trained on the large image dataset ImageNet for image
classification. Compared with the image classification method of the CNN model, it can greatly improve the
classification accuracy and efficiency
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Fig. 1. Residual learning: a building block
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Fig. 2. Application of residual learning module.
(a). the basic module connection method, which
consists of two 3x3 convolutions with the same
number of output channels. (b). the bottleneck
module connection.
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Fig. 3. Sample images of each class
Intel Image Classification dataset.

)

==1

2 24 dF A=
49] o]u]x]= go

E
= offel 2ol

=
<)
A

rlo M

street sea mountain

iauer

mountain

ntain mountain

glacier mountain forest

Fig. 4. Some examples of mislabeled image by
ResNet50 model
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