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ABSTRACT

In this paper, we proposed a smart target detection system that detects and recognizes a designated target to provide
relative motion information when performing a target detection mission of a drone. The proposed system focused on
developing an algorithm that can secure adequate accuracy (i.e. mAP, IoU) and high real-time at the same time. The
proposed system showed an accuracy of close to 1.0 after 100k learning of the Google Inception V2 deep learning
model, and the inference speed was about 60-80[Hz] when using a high-performance laptop based on the real-time
performance Nvidia GTX 2070 Max-Q. The proposed smart target detection system will be operated like a drone and
will be helpful in successfully performing surveillance and reconnaissance missions by automatically recognizing the
target using computer image processing and following the target.
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