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Predictive maintenance technology for smart factory
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ABSTRACT

In the existing industry, maintenance was carried out in the form of preventive maintenance such as occurrence of
unnecessary idle time due to limited monitoring and maintenance. However, with the advent of the Fourth Industrial
Revolution, real-time monitoring is possible in many industries including mining, manufacturing, oil and gas, and
commercial agriculture, and it is desired to minimize idle time due to maintenance. In particular, there is a growing
interest in predictive maintenance that can reduce costs and maximize operational efficiency by predicting and
maintaining a failure before equipment and equipment fail. In this study, we look at the predictive maintenance
technology that can verify the abnormal condition of the equipment of the smart factory in advance and monitor the
abnormal condition in real time.
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Fig. 1. Step-by-step definition of predictive maintenance
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Fig. 2. System configuration of predictive maintenance
A5FHIS Bl el HARE DA, 29 AJH

o O
BUEY, AP 2 dlE5/gele S X1EAo]

|

AR A ol2fat xRS Bh
A, oA Anst LojeAl
J RO OhSE 2 Qe AA

EREER
IS

o
o 2oF
390 o L Iy |o

ot

ﬁd
:

nd [0 ]
1

o]

A=t @Agste] 24

chI3]

f

RCa)

r

for

=2

a

4 L
2 >
2 2
- lm
HJob 2z v B
[Ra P W
o mx 2> ot M

49
o e

08 3. MBI AlAY 7Y
Fig. 3. System configuration
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