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ABSTRACT

Recently, there have been research results of applying Big data and Al technologies to the evaluation and individual
learning for education. It is information technology innovations that collect dynamic and complex data, including
student personal records, physiological data, learning logs and activities, learning outcomes and outcomes from social
media, MOOCs, intelligent tutoring systems, LMSs, sensors, and mobile devices. In addition, e-learning was generated a
large amount of learning data in the COVID-19 environment. It is expected that learning analysis and Al technology
will be applied to extract meaningful patterns and discover knowledge from this data. On the learner's perspective, it is
necessary to identify student learning and emotional behavior patterns and profiles, improve evaluation and evaluation
methods, predict individual student learning outcomes or dropout, and research on adaptive systems for personalized
support. This study aims to contribute to research in the field of education by researching and classifying machine
learning technologies used in anomaly detection and recommendation systems for educational data.
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