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ABSTRACT

The world faces difficulties in terms of eye care, including treatment, quality of prevention, vision rehabilitation
services, and scarcity of trained eye care experts. However, it is difficult to develop a method for classifying various
ocular diseases because the existing dataset for retinal image disclosure does not consist of various diseases found in
clinical practice. We propose a method for classifying ocular diseases using the Retinal Fundus Multi-disease Image
Dataset (RFMiD), a dataset published in the ISBI-2021 challenge. Our goal is to develop a robust and generalizable
model for screening retinal images into normal and abnormal categories. The performance of the proposed model shows
a value of 0.9782 for the test dataset as an area under the curve (AUC) score.
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