gREeEge BYeds12ns Y
Fall detection algorithm based on deep learning
Nam-Ho Kim
Bundang Convergence Technology Campus of Korea Polytechnic

E-mail : namo@kopo.ac.kr

o of
-
=22 ol MR HSI 8NY HolEHE el Yuel5e ARH Y AN A2 Aot
g geld FueSE AZNE doled S JHAlE RNNE ALgstol 1y eAo] K gatt e s
2 2olc] AINe] AEolEl s AAY HolHE AN S48 A glon Am: YA of
dA] 9he BEHSP] 0] RNNO| 158 AFA o] 14 218 F2ste TR WAL
ABSTRACT

We propose a fall recognition system using a deep learning algorithm using motion data acquired by a Doppler
radar sensor. Among the deep learning algorithms, an RNN that has an advantage in time series data is used to
recognize falls. The fall data of the Doppler radar sensor has a temporal characteristic as time series data, and the
structure of the RNN is sequenced because the result only determines whether a fall or not It is designed in a
structure that outputs a fixed size to the input.
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