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ABSTRACT

In this paper, an algorithm that detects the user's finger direction using the YOLO (You Only Look Once) library
was proposed. The processing stage of the proposed finger direction detection algorithm consists of a learning data
management stage, a data learning stage, and a finger direction detection stage. As a result of the experiment, it was
found that the distance between the camera and the finger had a very large influence on the accuracy of detecting the
direction of the finger. We plan to apply this function to Turtlebot3 after improving the accuracy and reliability of the
proposed algorithm in the future.
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