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ABSTRACT

Image processing through cameras such as self-driving, CCTV, mobile phone security, and parking facilities is being
used to solve many real-life problems. Simple classification is solved through image processing, but it is difficult to
find images or in-image features of complexly mixed objects. To solve this feature point, we utilize deep learning
techniques in classification, detection, and segmentation of image data so that we can think and judge closely. Of
course, the results are better than just image processing, but we confirm that the results judged by the method of
image segmentation using deep learning have deviations from the real object. In this paper, we study how to perform
accuracy improvement through simple image processing just before outputting the output of deep learning image
segmentation to increase the precision of image segmentation.
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2.1 Deep learning image processing
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