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ABSTRACT

In this paper, we introduce the deep-learning system using Tensorflow for recognizing situations that can occur fall
situations when the elderly are moving or standing. Fall detection uses the LSTM (long short-term memory) learned
using Tensorflow to determine whether it is a fall or not by data measured from wearable accelerator sensor. Learning
is carried out for each of the 7 behavioral patterns consisting of 4 types of activity of daily living (ADL) and 3 types
of fall. The learning was conducted using the 3-axis acceleration sensor data. As a result of the test, it was found to
be compliant except for the GDSVM(Gravity Differential SVM), and it is expected that better results can be expected
if the data is mixed and learned.
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