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ABSTRACT

In recent years, with the development of artificial intelligence and IoT technology, automation and unmanned
technology are in progress in various fields, and the importance of image processing such as object tracking, medical
images and object recognition, which are the basis of this, is increasing. In particular, in systems requiring detailed
data processing, noise reduction is used as a pre-processing step, but the existing algorithm has a disadvantage that
blurring occurs in the filtering process. Therefore, in this paper, we propose a filter algorithm using modified spatial
weights to minimize information loss in the filtering process. The proposed algorithm uses mask matching to remove
AWGN, and obtains the output of the filter by adding or subtracting the output of the modified spatial weight. The
proposed algorithm has superior noise reduction characteristics compared to the existing method and reconstructs the
image while minimizing the blurring phenomenon.
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