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Fig 1. Our Multi-head attention-based video highlight

prediction model
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Table 1. Summary of e-Sports data set

Video Length of Highlight
Statistics Length Highlights ratio
(sec) (sec) (%)
Mean 2,096.76 213.27 10.55
(tstd) (£599.10) (+£70.99) (+£3.78)
max 4,785 469 22.30
min 1,483 146 9.84

E2. e-2AXZX floJgof thst A& At (F-score)

Table 2. Experiment results on e-Sports data set

Data type Model F-score (%)

ATTN[1] 70.53

Image
MHA, 66.93
ATTN,[1] 69.23

Audio
MHA, 69.80
Image ATTN, (1] 73.93

+
Audio MHA; ., 73.70
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