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Table 1. related works
Author Research Topic Used Models
Min and Ha | <zl-t2} ggtel E7|H
(2014) [1] |Ztefolud g5 oz | ARMAYS SARMA
Kim (2015) | 22lLizl &8 s{A-2% | SARIMA-Interven
[2] e e tion vs. ANN
Farhan and _

MA top 20 &gtel
?;]g (2016) o ZHEol 2E2 of= ARIMA vs. SARIMA
Kim et al.|szlLizl €€ |f&Fst=
(2018) [4] | 252 oI5 ARIMA ve. TSR
Chan et al. | &= o JE&TIel 71| MA MARS, ARMA ,
(2018) [5] |HIOIH 2% o F GM, SVR, ANN
Note: SARIMA: Seasonal Autoregressive Integrated
Moving Average, ANN: Artificial Neural Networks,

TSMR:
model,
adaptive regression splines,
Support Vector Regression.

Two—way Seasonality Multiplied Regressive
MA: Moving Average, MARS: Multivariate
GM: Grey Model, SVR:

[l Data and Modelling

B =FojM Algsl dlofEs felel Fo driel Bkl okl
Feato] Y oY EFolr] 7Rk 2001d 1€95¥E] 2019
8L7IA] F 224710t}

2,500 500
——Busan(L)
2,000 ——Inchoen(R)

= Gwangyang(R)

1,500

1,000 200
500 100
o o

F £ £ £ & F L o2 £ 02
$F & F F & F £ £ F 5

Fig. 1. Container throughput of major ports in Korea
Source: PORT-MIS(https://new portmis go kr)
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Fig. 2. Structure of LSTM
Source: http://colah github io

LSTM-E- training ¥4} test #go] H Q317 wliEo] training
set?} test set 8:2F E&5}919™ training setoE LSTMO]
parameter tuning=- 13 5-fold cross-validation” ]S o]-83}¢]
learning rate, layer=y, iterations, sequence length, activation
functiong A7 Aok

IV. Conclusions
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